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The amount of data
generated on planet
earth is growing
exponentially




Exponential growth
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10GE Hadoop Cluster — 160 2RU node Starter
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Server cabinet2
O nodes

2RU Nodes 2 x 10GE (C2100)

20 Nodes per rack
8 racks, 160 nodes

Scales to 64 racks, 1280 nodes

2RU Nodes
L3 Fabric

10GE Cluster Interconnect
Line rate, Low Latency
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Name Node Client
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Server cabinet7 Server cabinet 8
nodes 20 nodes

Auto switch provisioning

2 rack pairs cross cabled

2.5:1 oversubscription @ ToR

Core connected via Leaf w/ Layer 3
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Cars in dataset: 8792; Non-cars in dataset: 8968

preview_cars = load_images(files_cars, num=12)
display_image_set (preview_cars, "cars")

preview_noncars = load_images(files_noncars, num=12)
display_image_set(preview_noncars, "noncars”)

Your function returned a count of 8792
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John’s Profile John’s Booking

First Name: John Day of Arrival: 27-10-2017
Last Name: Doe Departure' 29-10-2017
Date of Birth: 28-10-1989 I, om

Location: Amsterdam { i

E-mail: john@whatever.com WH‘%( é
Subscription: No Refundal 'f
Preferred English \/

Language: Inferred Information
Length of Stay:
Lead Time: 121
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98 features_train, features_test, target_train, target_test = train_test_split(features, targets, test_size=0.33,
99 random_state=10)
100

101

102

103

104

105

106

107 print("features_train shape: ", features_train.shape)

108 print("features_test shape: ", features_test.shape)

189 print(“target_train shape: ", target_train.shape)

110 print(“target_test shape: ", target_test.shape)

111

112 gaussian_model = GaussianNB()

113 gaussian_model.fit(features_train, target_train)

114 gaussian_predictions = gaussian_model.predict(features_test)

115

116 bernoulli_model = BernoulliNB()

117 bernoulli_model. fit(features_train, target_train)

118 bernoulli_predictions = bernoulli_model.predict(features_test)

119

120 print("Gaussian accuracy: ", accuracy_score(target_test, gaussian_predictions, normalize=True))
121 print(“Bernoulli accuracy: ", accuracy_score(target_test, bernoulli_predictions, normalize=True))
122

123 all_bookings = pd.read_csv("dataset/past30-all.csv")

124 all_bookings_targets = all_bookings.values[:,7]

125 all_bookings = all_bookings.drop(target_field, axis=1)

126

127 canceled_bookings = pd.read_csv("dataset/past3@0-canceled.csv")

128 canceled_bookings_targets = canceled_bookings.values[:,7]

129 canceled_bookings = canceled_bookings.drop(target_field, axis=1)

130

131 uncanceled_bookings = pd.read_csv("dataset/past30-uncanceled.csv")
132 uncanceled_bookings_targets = uncanceled_bookings.values[:,7]

133 uncanceled_bookings = uncanceled_bookings.drop(target_field, axis=1)
134

135 all_bookings = encodeData(all_bookings)

136 canceled_bookings = encodeData(canceled_bookings)

137 uncanceled_bookings = encodeData(uncanceled_bookings)

138

139 all_bookings_features = all_bookings.values[:,:7]



('Gaussian accuracy: ', 0.8595020462617412)

('Bernoulli accuracy: ', 0.8617376097499414)

('Gaussian predictions on new data (all bookings): ', array([e, @, @, ..., @, @, @]1), ' with Accuracy: ', 0.83796296296296291)
('Gaussian predictions on new data (canceled bookings): ', array([@, @, @, ..., @, @, @]), ' with Accuracy: ', 0.038022813688212927)
('Gaussian predictions on new data (uncanceled bookings): ', array([e, @, @, ..., 0, @, @]), ' with Accuracy: ', 0.97712920293565453)
('Bernoulli predictions on new data (all bookings): ', array([e@, @, @, ..., @, 0, @]), ' with Accuracy: ', 0.84794560185185186)
('Bernoulli predictions on new data (canceled bookings): ', array([e, @, @, ..., @, @, @]), ' with Accuracy: ', 0.00095057034220532319)
('Bernoulli predictions on new data (uncanceled bookings): ', array([@, @, @, ..., @, @, @]), ' with Accuracy: ', 0.99573306024918928)
("KNN Accuracy for All Bookings: ', ©.8359375)

("KNN Accuracy for Canceled Bookings: ', 0.028517110266159697)

("kNN Accuracy for Uncanceled Bookings: ', ©0.98088410991636799)

Process finished with exit code @
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